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root /
- 00 _Make npz.py PERT -2ty b DIERL
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import os

import sys

import numpy as np
import cv2

paths = ['./train/' + 1 for i in p]
label = np.zeros(len(paths)-1)
for cnt_path, path in enumerate(paths):
files = [filename for filename in os.listdir(path) if filename.startswith('.")]
for cnt_file, f in enumerate(files):
file path = path + '/' + str(f)
imgl = cv2.imread(file_path)
img = cv2.resize(imgl, dsize=(224, 224))
img = cv2.cvtColor(img, cv2.COLOR_BGR2GRAY)
size = img.shape
img = np.ravel(img)
img = (img - np.min(img)) / (np.max(img) - np.min(img))
if cnt_path == cnt_file == 0:
train = img
labels = np.insert(label, cnt_path, 1)
else:
train = np.vstack((train, img))
labels = np.vstack((labels, np.insert(label, cnt_path, 1)))
np.savez('./TrainData.npz', trainimg=train, trainlabel=1labels, imgsize=size)
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data = np.load("TrainData.npz")
= list(zip(data["trainimg"],data["trainlabel™]))

np.random.shuffle(1l)
shuffled_trainimg, shuffled trainlabel = zip(*1)

tr_num = math.floor(len(shuffled _trainimg)*0.8)

trainimg = np.asarray(shuffled trainimg[:tr_num])
trainlabel = np.asarray(shuffled_trainlabel[:tr_num])
valimg = np.asarray(shuffled trainimg[tr_num:])
vallabel = np.asarray(shuffled trainlabel[tr_num:])
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from keras.models import Sequential, Model, model from_json
from keras.layers import Dense, Flatten, BatchNormalization
from keras.layers import GlobalAveragePooling2D, Input

from keras.preprocessing.image import ImageDataGenerator
from keras.applications.resnet50 import ResNet50

model = Sequential()
model.add(Conv2D(

model.add(AveragePooling2D( (
model.add(Conv2D(
model.add(AveragePooling2D( (
model.add(Conv2D(
model.add(AveragePooling2D( (
model.add(Flatten())
model.add(Dense(

(

(

model.add (Dense(
model.add(Dense(
model.summary ()

model.add(BatchNormalization())
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from keras.optimizers import SGD

model.compile(optimizer=SGD(1lr=0.0001, momentum=0.9),
loss="'categorical crossentropy',
metrics=["acc’])

datagen = ImageDataGenerator(
rotation_range=45,
shear_range=0.3,
zoom_range=0.4,
horizontal flip= )

trainimg = tf.reshape(trainimg, [trainimg.shape[@] 64, 64, 3])
valimg = tf.reshape(valimg, [trainimg.shape[0@], 64, 64, 3])

history = model.fit generator(
datagen.flow(trainimg, trainlabel, batch_size=170),
epochs=50,
validation_data=datagen.flow(valimg, vallabel, batch _size=170)
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model json_str = model.to_json()
( ) .write(model json_str)

model.save( )

acc = history.history['acc']

val acc = history.history['val acc']
loss = history.history['loss']

val loss = history.history[‘val loss']

epochs = range(1l, len(acc) + 1)

plt.plot(epochs, acc, 'bo', label='Training acc")

plt.plot(epochs, val acc, 'b', label='Validation acc')

plt.title('Case2: Use ResNet50 as Feature Extractor Training and validation accuracy')
plt.legend()

plt.figure()

plt.plot(epochs, loss, 'bo', label='Training loss')

plt.plot(epochs, val loss, 'b', label='Validation loss')

plt.title('Case2: Use ResNet50 as Feature Extractor Training and validation loss')

plt.legend()

plt.show()




7 A FEF R ZEE > THEEREZIRE

O—F : PEBROREL

numpy np
keras.models load_model
cv2

data = np.load(
model = load_model(

testimg = data[
testlabel = data]

testimg = np.reshape(testimg, (testimg.shape[9]

features = model.predict(testimg)

labels predict = np.argmax(features
labels test = np.argmax(testlabel

miss_indexes = np.where(labels predict != labels test)[0]
((1- (miss_indexes)/ (testlabel))* )
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