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Activity Based Model
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Constraints-based model
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Daily activity schedule modeliBowman, Ben-Akiva (2000)]
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Multiple Discrete-Continuous Extreme Value(MDCEV) Model
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Multiple Discrete-Continuous Extreme Value(MECEV) Model
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[Zimmerman et al.(2018)]

® 1HDRT Y a—Nz{ZEaFty b7 —7 LOERERE L THRIR
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TEE & LI=EFI : Recursive Logitick 372 7 14 ET 4 EFIV[Zimmerman et al.(2018)]
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time state variable
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