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Table 1. The true O-D matrix (7,,)

1 @ 2 @ 3 i 2 3 4 5 6
| // 1 1200 1000  50.0 20.0 25.0
A P 2 100.0 900  70.0 30.0 30.0
. N e
@ o . & 3 2400 2000 60.0 20.0 70.0
\\ O 4 600 5100 800 60.0  150.0
‘ g 5 180.0 90.0  300.0 60.0 20.0
| 6 2800  160.0 900  40.0 20.0
+ ® 5 ® 6

Fig. 1. The network for the small example. . ..
Table 2. Nonzero assignment coefficients

Arc  Flow (iJ)suchthat p} = 1

1 1460 (1,2) (1,3) (1,6) (3,2) (4,2) (4,3) (4,6) (5,2) (6,2)

2 500 (1,3) (1,6) (2,3) (2,6) (4,3) (4,6)

3 2110 (2,1)(3,1)(3,2) (4,1) (4,2) (4,3) (4,5) (4,6) (5,1) (5,2) (6,1) (6,2)
4 130 (1,4) (1,5) (4,5)

5 200 (2,1)(2,4) (2,5)

6 410 (5,3) (5,6) (6,3)

7 840 (1,6) (2,6) (3,1} (3,2) (3,4) (3,5) (3,6) (4,6) (5,6)

8 1530 (1,4) (2,1) (2,4) (3,1) (3,2) (3,4) (5,1) (5,2) (5,4) (6,1) {6,2) (6,4)
9 110 (3,1)(3,2) (3,4) (3,5) (6,1) (6,2) (6,3) (6,4) (6,5)
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Fig. 6. Flow fit for the MEUSE model on Namur.
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