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Data requirement

Network traces :data from communication network infrastructure
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Methodology
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MethOdOlOgy 1. Probabilistic measurement model : a Bayesian approach
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MethOdOlOgy 1. Probabilistic measurement model : a Bayesian approach
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Methodology 2. Generation of activity-episode sequences

1) Generating episode location

DDR (domain of data relevance)
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Methodology 2. Generation of activity-episode sequences

2) Generating episode start and end times
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Methodology

2. Generation of activity-episode sequences
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3. Intermediary measurements
Methodology 4. Sequence elimination procedure

Intermediary measurements
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Methodology  Algorithm
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Methodology
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Case study on EPFL campus

EPFL WiFi data
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Case study on EPFL campus

EPFL pedestrian network
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Case study on EPFL campus

EPFL pedestrian network
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Case study on EPFL campus
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Case study on EPFL campus

Table 1

Sequence of activity episodes as reported by one author. It contains 6 activity episodes.
Time spent Floor Location
Activity log
8.32am-10.30 am 1 Classroom
Until 11.47 am 3 Author's office
From 11.55 am 1 Restaurant
Around 1 pm 3 Author's office
Around 2 pm 2 Cafeteria
Until around 7.45 pm 3 Author's office
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Case study on EPFL campus

Table 1
Sequence of activity episodes as reported by one author. It contains 6 activity episodes.
Time spent Floor Location
Activity log
8.32am-10.30 am 1 Classroom
Until 11.47 am 3 Author's office WiFi®D §1~
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Case study on EPFL campus
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Case study on EPFL campus

Table 2

Comparison between the most likely output of the model and the activity log as reported by one author.
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Case study on EPFL campus

Legend
Pedestrian network

Wrong activity type

L=100D £ & ‘

2Ll

A

Correct activity type /\

AR R Al

100 200

.
AT R
L

|11




Case study on EPFL campus
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Case study on EPFL campus

Sensitivity to the parameters
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Case study on EPFL campus
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Case study on EPFL campus
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Sensitivity to the prior

* uniform M TR 2R F s e WG G
- aggregate A & DIFHP R GE
- disaggregate fAANDFIE XN VAT Y 2 —VERB D 556

o . 1_5 :—_‘\ J=ES N ;[:E' AN
diary N & DG D 255 Sensitivity to the prior
8
§ o3
. 1K = > 2 = I T T T
\‘NIFI;? 7 & D %:::C._, Uniform prior Agagregate prior Disaggregate prior Diary prior
IEEIBUTIE L < FRE
(uniform prior ¢ H FfE) £ -
- aggregate prior C S p] —
J=EE N AN 8 : ! l
H :Iiﬁ & I./ ‘? T +77 Uniform prior Aggregate prior Disaggregate prior Diary prior
P NRABOL HIM
s BN TR B LD 8 EC
x 7 :‘/“ a2 — }]/ Z’)S‘flr%i é g Uniform prior Agaregate prior Disaggregate prior Diary prior

NAIUTHEE DR
INCICY (%

Nb OK
40 50 6.0

111

> _—_— T T
Uniform prior Aggregate prior Disaggregate prior Diary prior

Fig. 18. Sensitivity to the prior, with uniform, aggregate, disaggregate and diary prior.

BE SN
SEEIDE

MEBEDFRE :
ETILERE
T—RED
S TEERE

S EERGCHRFE]
DFRE

(EFIL LR
&7 — %)

ATIUN
ELLFES
NI EBIDE



Case study on EPFL campus

Sensitivity to the density of measurements
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Fig. 19. Sensitivity to datasets with less data, with the full dataset as a base case.
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