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Background

*Walking along Hanazonomachi Street and Okaido
Street in Matsuyama, We had an impression that
there were many pedestrians.

* A pedestrian space in front of Matsuyama Station
Is also scheduled to be developed.
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Policy Analysis

Hanazono—machi Street and Main Street
are well maintained 4 ¥ &S
: e || S

Matsuyama City Station Area S 'f“ ol
e X ARETe - BEEY
Maintenance was done in front of Dougo
Onsen Station
Dougo Area

Renewal will take place in the future
Matsuyama Station area

Basic analysis was conducted for each of Maféuyama Statlon
the above three areas.
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Data Aggregation

Proportion of Transportation Choices by Area

Data: trip.CSV Transportation Mode Breakdown - Within-area vs. All (2007)
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The proportions of pedestrian choices
in the City Station and Dougo areas are higher than
it in the Matsuyama station area. 4
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Data Aggregation

Entry—mode and Within—area mode S ——
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Analysis of comments of the links

Data:entry.csv

== Y5 (FY . FBEICLIEADRLED ST EiEzinEARI <l Based on the references
(Kobayashi, 2005) and
(Higashiyama, 2008), a dictionary
is created to classify words into
Positive, Negative, and Neutral
categories.

TAn example of a negative comment
Result of morphological analysis with MeCab

Using the dictionary, each comment is rated on a scale from —1.0 to 1.0.
(-=1.0: very negative, 1.0: very positive).

Take the average of the ratings for these comments separately for positive and negative
values, and the result indicates the rate of positive and negative impressions of the link.
6
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Example:

YR |ZTCDZELUAILLELT =,

A3l HODEARILAFTELTSHD T,
HOHZEES-U\F, BInhYET,”
(Irented a CD at Tsutaya. This place has a
great selection of older titles, so it's really
helpful when I want to listen to old songs. )

” —0.667 positive ”

- —>

(0)

negative(—-1) positive(+1)

Many comments in areas where commercial facilities are
concentrated.



Data:entry.csv
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Example:

YR |ZTCDZELUAILLELT =,

A3l HODEARILAFTELTSHD T,
HOHZEES-U\F, BInhYET,”
(Irented a CD at Tsutaya. This place has a
great selection of older titles, so it's really
helpful when I want to listen to old songs. )

” —0.667 positive ”

- —>

positive(+1)

negative(—1) (0)

Many comments in areas where commercial facilities are

concentrated.




Basic Analysis LORE FC
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Many comments in areas where commercial facilities are
concentrated.
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Model Formulation

Multinomial logit model (within—trip mode choice model)

Ucgr = by +dy - TravelTime (car) + my - EntryModeDummy(car)
Upike = by + dq - TravelTime (bike)

Ubicycte = bz + dy - TravelTime (bicycle

Upalk = d, - TravelTime (walk) + f; - PositiveImp + f, - Negativelmp
+m, - EntryModeDummy(train)
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Model Formulation

Multinomial logit model (within—trip mode choice model)

Ucar = by +dq - TravelTime (car) + my - EntryModeDummy(car)
Upike = by + dq - TravelTime (bike)

Ubicycte = bz + dy - TravelTime (bicycle

Upalk = d, - TravelTime (walk) + f; - PositiveImp + f, - Negativelmp
+m, - EntryModeDummy(train)

TravelTime : average speed of this mode X trip’s travel distance

11
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Model Formulation

Multinomial logit model (within—trip mode choice model)

Ucar = by +dq - TravelTime (car) + my - EntryModeDummy(car)
Upike = by + d; - TravelTime (bike) {

1, came to the area by car
Ubicycte = bz + dy - TravelTime (bicycle

0, not by train

Upalk = d, - TravelTime (walk) + f; - PositiveImp + f, - Negativelmp
+m, - EntryModeDummy(train)

1, came to the area by train
0, not by train

TravelTime : average speed of this mode X trip’s travel distance

12
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Model Formulation

Multinomial logit model (within—trip mode choice model)

Ucar = by +dq - TravelTime (car) + my - EntryModeDummy(car)

Upixe = by + dy - TravelTime (bike) {1, came to the area by car

Upicycle = bz + dy - TravelTime (bicycle’ 0, not by train

Upalk = d, - TravelTime (walk) + f; - PositiveImp + f, - Negativelmp

+m, - EntryModeDummy(train) Impressions of trip § =

{1, came to the area by train Y Impressions of links in trip;
0, not by train Number of links in trip;

TravelTime : average speed of this mode X trip’s travel distance

13
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Results

Multinomial logit model (within—trip mode choice model)

explanatory variables | parameter value t value i:%’;ﬁ
b SR F S FHT 4T DRE IS
b, TEEE MY 13.608 5.372 SEATFATEEOHENDEY
by  EHIE_BHE -2.643 -10.348 The positive influence is having a negative
d BIESIE -0.002 -0.136 effect.
fi &R E#IF47 -16.021 -2.075 — Does having more positive comments lead to
fr BR_AHTAT 56.271 -3.011 a lower utility of walking?'?
m, RHFRLI—_B 0.796 0.951 T/i»rj g)%é%\%ﬁﬁ@iﬂ&;rcbioﬂ\é
R -
My RHFRSL I —_BE 19.251 5.134 DHEEADHED TGN ?
— - The negative influence is strong.
Y7L H A4 X 289 . . : :
— Improving negative factors is effective.
PEALE -400.639
R B304 K FEEE130.839& B0
AL 0.839 S&KBHRTETVS
MIEEALELL 0.819 The likelihood ratio is 0.839, which is high.

— |t is well-replicated (well-fitted). 14
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Results

Main results: Negative image has a strong influence on mode choice

—\We should clean up a negative image more than make a positive image

Ex. Parking lots near JR Matsuyama sta.
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We should reduce the space of parking lot
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Upaiek = EHUE + ZIXIEEE + SITEZMEMIER + IR + KAFRT I —

Ubicycle = ("l L)
Upike = (1A L) t
Ucar = (EJ:)
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In-Matsuyama

Category

In-Dougo
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Proportion
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