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H&= Background

‘ 1A j‘*ﬁ_'l cH U 5 ./lA\» \ﬁ_z‘ﬁ’\o)&v = Impact on public transportation in the COVID19
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Demand for public transportation is declining due to restrictions on going out and a decrease in the willingness to go out.
Even before the Corona disaster, the business environment had been severe due to a declining population, but this is now
accelerating, and support is needed to encourage the use of public transportation. [/
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H&= Background
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Individuals' living and activity areas are about half of what they were before the corona, indicating that

the corona has had a significant impact on people's behavioral choices. %
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Hf Purpose

— AXETIDOBEK Purpose of the model
74 F L BEOEE L TEFEER L OMERORAIC L B, ARTELEFEORE

Study of public transportation support measures by elucidating the relationship between vaccination
status and transportation mode choice
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Attempt to estimate the effect of vaccination status on transportation choice.

$ 70T HEEENR L LAUSRREAIR IS 2 EEREC LY. S ()
NHZBEMNAEBRD OB AT HIEY, - T

By offering preferential treatment for the use of public transportation to those who have been
vaccinated, aiming to solve the decrease in the number of public transportation users.
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Using Toyosu as the target site, PP data for 2021 is used to estimate the impact on transportation choices.
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HiEo4r Basic analysis
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HiEo4r Basic analysis

FR/7F U EEFE-KBFR
Age/vaccination status - Transportation
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HiEo4r Basic analysis
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HiEo4r Basic analysis
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F ;D15 Consideration of Methodology

» ZEFEEIRETN . ZIHEETIIL MNL model
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ET7ILHEE Model Building

€& E5-1x, Model Formula

Virain = PiTraveltime + f;Cost + B, Under20 + +fgVaccination + by
Vous = PiTraveltime + [zCost + [gVaccination + b,
Viar = [ByTraveltime + B-Under20 + BgIncome + b
Vyike = [PoTraveltime + b,
Vwaix = PoTraveltime +[(,0ccupation

@ /N5 X—4AR Parameter

- FRERE (9) — time DERE. NXIIHEFTERE., B8E. BE. & IIMERHE A
Total travel time for trains and buses,Travel time for cars, bicycles, and walking.
= &M (M) — cost DHOE. NRICOWTTF—Z & W
Extracted from data on railroads and buses
» 200RLLF 4 2 —  under 20s dummy 20U T L, LA EOE LK T —
Dummy with 1 for under 20s and 0 for all other age groups
» [NAX T —  income dummy DINA2005 T EL, #N AN E0E LK I —
Dummy with 1 for income less than 2 million yen and 0 for all other income.
» JFEL I —  occupation dummy CBEHLY FEFEEEL ENLUAEOE LK I —
Dummy with 1 for occupational or student and 0 for other R
=7 F ERE  vaccination dummy T FUoEERL - TR LEZL NN E0E LT2X I — C [9))
\_ Dummy with 1 for no vaccination and no appointment and 0 otherwise N //




ETFIIVHEERER Estimation Result

@ HTEHESR Estimation Result

IRT A =R tiEe
EHUIE (train) -0.038 -0.72
E#IE (car) -1.112 -16.54%*
E#E (bus) -2.257 -69.44%*
7E #08 (bike) -1.336 -76.70%*
FrERFfE (time) -5.007 -66.20**
EH (cost) -0.231 -17.19**
B4 T — (vaccination dummy) -0.768 -13.20**
70 F vEEfELX I — (vaccination dummy) 0.334 9.47%*
B> 7 ILE (number of sample) 30572
FEAAE (initial likelihood) -38428.79
B E (final likelihood) -26619.74
TR L (likelihood ratio) 0.307
EIEFEATE L (modified likelihood ratio) 0.307
*5%78 & (Significant)  **1%%& & (Significant)
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v2alb—<3Y Simulation

TIFIEREDHAEFNRELTIIaL—aviER

—Ptrain =—Pbus =—Pcar Pbike =—Pwalk
0.45

0.4
0.35
0.3
5 0.25
0.2
0.15
0.1
0.05

O 10 20 30 40 50 60 70 80 90 100
%ﬂ% %IJ 5 | ’—?—( (%) [/ 9 ,\\.,

N J



Iialb—3v

Simulation
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&8 Summary

® FLHEIEE Summary and Issues

c WIETIEIH AN T IV F UV EBAXBFEREIRICEZPEEXHET TET-,

We were able to estimate, albeit briefly, the impact of vaccination on transportation choice.
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The simulator did not consider whether the target vaccinees would use public transportation in
the first place, so the probability of choice did not change much.




HHEE Thanks
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Thank you very much for your attention.
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