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Table 2 Specification of the newspaper test set and main topic list for evaluation.

Name of set Search query # of docs. | # of labels | # of labeled docs.
murder BN 200 26 o8
scandal T5H% or N8 or I 200 22 170
kidnapping F5Ch 9, 200 33 113
terrorism T W or B or B 200 28 105
s—|—t[scand§l—|—termrism) - 400 50 274
s+k(scandal-+kidnapping) — 400 55 282
m+s(murder+scandal) — 400 48 267
m+t({murder+terrorism} = 400 54 203
m-l—k{murder—l—mdnappmgj - 302 515 205
k—l—L[k1dnappmg+terror15m] ' — 399 61 219
#3 HEFHF
Table 3 Experimental conditions.
Parameter Values
p: # of out-link from 1 node 2,3,4,5/6,7

g: threshold for eliminating noisy edge(s) | 0.5, 0. E D T 0.8, 09,1

BehaworlnNetwolks

#i w4+ EF A FOo0OE 2 & ®



'.IJIIII
H
Fun
‘I
-
T
LL

5D IEHE FiiE .

FBIZ & D<EEm
2/—FDF {EDFHTEDHIAAHD BSZFf
F {E: Precision & Recall ®FAFF

F(r)= 1f{a—+(1_ D——3 ) p=y Filh) Ea-1n

F(r) R.(%) = N
| Prectsmn 4 -D Recall . .
. . 0®® . 5 '”I.I'": @
=— ® | & 2 ® ;
5 13 ' e . k() 0 e .
@
S B EDESHAF EERAMAEESHNEF

V' Precision EEZE) LlE. EBRRHERICKHLTO ., BREXK
(information need) Zi& -9 REERE DS

V' Recall (BEE) £lf, RREREHETRRFLAVMNIHLTO. &
RERE B RREREDI S

g 0w 4 EFE - F v b 7R B 2 F AT



?ﬂ.-' —O— ;I—j ‘"‘-——_ :%

o — FJ—E & —a—p=3

0.4F A & 0.4r i i 1

& #

—a—p=5 - I —a—n=5

0.2 —O—p=6 T 0.2F —o—p=h "
—&—p=] : —a— =T

i 1* i | i 1 i - | i | i l i | i l i
8.5 0.6 0.7 0.8 0.9 | 8.5 0.6 0.7 0.8 (0.9 1
Threshold for eliminating noisv edge(s): g Threshold for eliminating noisy edge(s): ¢ Threshold for enmmating noisy edge(s): ¢

M4 Ty PEREDLEWE (¢) &FEERMEREREDRE
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Fig. 10 Visualization example of corpus “murder” (p =3, g = 0.7)
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